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A Neural Computing Approach for Composing Iroha-Uta

NORIKO YOSHIIKE,! MIKI KITABATAt* and YOSHIYASU TAKEFUJIt

We present a neural computing approach for composing a new version of Iroha-Uta using
modern Japanese words and grammar. A new Iroha-Uta is composed by satisfying the fol-
lowing two restrictions. Omne of restrictions is how to chose words that satisfy the rule of
Iroha-Uta and the other is how to order these words for making sentence based on Japanese
grammar. In our simulation, the performance of the proposed algorithm is evaluated in terms
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of the CPU time comparing with the tree search method.
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Fig.1 Neural representation for the problem.
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Fig.2 A state of subneuron matrix.
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Fig.3 Hysteresis McCulloch-Pitts input/output function.
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Fig.4 An example of dependency structure including no

intersections.
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Fig.5 An example of dependency structure including

intersections.
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Fig.6 Tree representation.
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Fig.7 An example of dependency structure with long

distance.
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Fig.8 An example of dependency structure with short

distance.
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Fig.9 Neural representation.
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Fig.11 Comparisons with tree search method in terms of
CPU-time.
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Table 2 Changes of convergence rate with number of
data.
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Table 3 Distribution of attributes of data.
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Fig.12 Dependency structure of Result 1.
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Fig. 13 Dependency structure of Result 2.
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